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o ABSTRACT o

In this paper, we have studied the effect of the type of crossover operator on the
performance of the genetic algorithm used in the design of deep convolutional neural
networks (CNN) architectures that relies on skip connections in its architecture. The
performance of the algorithm was evaluated by conducting a series of experiments on
the widely used reference datasets for image classification tasks and comparing the
results with modern algorithms that showed promising performance in this field. This
algorithm achieved the best accuracy among all the modern algorithms that were
compared on the Cifar10 dataset and the Cifar100 dataset.
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