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o ABSTRACT

Recent years have witnessed enormous progress in technology and reliance on
it in many fields, including tourism, where it occupied a large space within this field.
This progress in the technology field has led to endless sources of information related
to tourism, and Facebook is an example of one of these sources, a platform where
people share their experiences and opinions on a daily basis. Thus, we find many
new aggregation and prediction technologies that help users to choose the right
places that meet their needs and/ or preferences from the huge amount of available
data. This paper presents a system for recommending attraction places based on
knowing what type of attractions tourists are interested in, and finding appropriate
recommendations based on the data that is collected dynamically and extrapolated
from the Facebook check-ins data. A hybrid recommendation system (RS) has been
used which combines the advantages of both context-aware systems and
collaborative systems. The current system can adapt the changing in user behavior
dynamically and adapt the recommendations based on it, which improves the
recommendation quality for the tourists.

Key Words: Tourism, Recommendation System (RS), Social Networks, Check-ins,
personalisation.
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