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o ABSTRACT O

Chest radiographs (X-rays) are used to assess different pathologies. Analysis and
testing of these images is a common medical procedure, due to its low cost and widespread
use. Having automated Al-based methods for analyzing these images can improve
efficiency and reduce the possibility of misdiagnosis. This paper deals with the design of
an algorithm based on convolutional neural network and image preprocessing to detect the
presence of lung cancerous masses in chest x-ray images. 4 algorithm methodologies
involving image preprocessing are proposed and tested. The results showed that the model
that included applying the CLAHE filter and the JPEG standard achieved a higher
accuracy compared to the rest of the proposed algorithm methodologies, where the
validation accuracy of the model was 92.41% and the F1-Score was 0.556. On the other
hand, the use of JPEG standard to compress images optimized with CLAHE reduced the
size of the training set, which reduced the training time of the model.
Keywords:Convolutional neural networks,Chest X-Ray images, Deep learning, Image
preprocessing.
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