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o ABSTRACT

Studies related to determining the opinions of users on social media in the Arabic
language are still very weak compared to their counterparts in the English language.
Determining the user’s opinion is considered an essential part of the process of intelligent
data analysis and decision-making, given that the user’s opinion represents an important
evaluation of the company’s services or products, and therefore collecting data Correct
information from users and turning it into analyzable data can help companies make the
right decisions and improve marketing strategies and communication with customers.

This study addresses this problem by building a model to determine users’ opinions
through their comments on social media, which helps discover their behavior, according to
Reinforcement Learning algorithms.

This study tests the efficiency of the proposed model in classifying users’ behavior
through their opinions within the data in the Arabic language. This study also makes a
comparison between our proposed model and previous works through the ability to classify
tweets written in the Arabic language from the data as positive, negative, or neutral. It was
also conducted Comparison of the time each approach takes in the classification process.

The results in this research demonstrate the great superiority achieved by the
proposed model compared to previous works, and it must be noted that the proposed model
has the great ability to learn new words and expand the dictionary dynamically, thanks to
the employment of the reinforcement learning algorithm.

Keywords: user’s behavior - Machine Learning — Reinforcement Learning — Arabic
Content — classification
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