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o ABSTRACT

The scheduling of big data tasks in cloud computing environments has gained
significant attention in recent years, due to the substantial growth of companies relying on
cloud infrastructure as a foundation for storing and analyzing big data. The main challenge
in scheduling tasks in cloud computing environments is ensuring minimal completion time
and reducing resource utilization. Several approaches have been proposed in an attempt to
overcome this challenge. However, the main limitations of these approaches stem from the
fact that they disregard contract trust levels, thereby jeopardizing the overall quality of big
data processing service. In this research, we present a task scheduling approach that is
contract-trust-aware, utilizing Hadoop, CloudSim, and the Python programming language.
This approach enhances processing efficiency in big data environments. The core idea of
the proposed solution involves three stages. In the first stage, we assign trust values to
contracts before allocating tasks to them. In the second stage, tasks are prioritized based on
their importance. Finally, in the third and last stage, the prioritized tasks are intelligently
assigned to suitable contracts, ensuring a reduction in service time and processing cost.
The outputs of this research can be utilized to improve the operations of institutions relying
on big data analytics results, as well as in various other domains of cloud computing and
the Internet of Things.

Key Words: Datacenter, Load Distribution, Task Scheduling, Big Data, Resource
Consumption, trust of nodes
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