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0o ABSTRACT O

The process of exposing false and unconfirmed news is a major challenge that must
be addressed as soon as possible. This research presents an intelligent methodology to
create a model capable of classifying and verifying the news spread on social media and
determining if it is true or false, by pre-processing a text data set using NLP natural
language processing technology and TF-IDF conversion, and then choosing the appropriate
set of features for the classification process, and finally applying supervised machine
learning algorithms to the resulting data set, where three main algorithms were used: the
decision tree algorithm, the random forest algorithm, and the logistic regression algorithm,
where these algorithms were chosen As it has proven its worth in many researches [3], [5],
[4], which showed good classification results with achieving high accuracy values, the best
of which was with the use of the Random Forest algorithm, which reached 97.01%.
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