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o ABSTRACT

Machine Learning (ML) techniques form the mainstay for the development of
marketing and e-commerce systems, and with the tremendous development of technology,
it is necessary to take advantage of the huge amount of data received daily and even
instantaneously to the stores, allows dealing with customers as a real treasure to build a
long-term relationship with customers . The proposed framework classifies incoming
customers into the store based on their purchase behavior using undirected machine
learning technique of aggregation. The K-means aggregation algorithm has been applied to
the data generated by RFM analysis by processing relatively large data for an online retail
gift shop.

As a result, the segments resulting from RFM analysis were improved by applying
the clustering algorithm to reach a meaningful representation of the customer base that is
able to help managers make data-driven marketing decisions.
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Machine Learning
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InvoiceNo | StockCode Description Quantity | InvoiceDate | UnitePrice | CustomerlD Country
ovarie | AAeYYY | WHITE HANGING 1 12/10/2010 Y.00 YWAe ... United
HEART T-LIGHT 8:26 Kingdom
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) oyiyie VYooY WHITE METAL ! 12/10/2010 Y.y YA L United
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Int&dIndéx: 307884 entries, @ to 541988
Data columns (total 8 columns):

# Column Non-Hull Count

8 Involcelo 3978384 non-null
1 StockCode 397884 non-null
2 Description 397884 non-null
3 Quantity 397284 non-null
4 InvoiceDate 397884 non-null
= UnitPrice 307884 non-null
=) CustomerID 397884 non-null

7 Country 397884 non-null

dtypes: datetimes4[ns](1), floated(2), inted(l), object(4)

datetimefd[ns]
floatsd
floatsd
object
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