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Abstract

The task of identifying and classifying objects is one of the most exciting areas of
computer vision and artificial intelligence. By the development of Convolutional Neural
Network (CNN) structures supported by large training data and advanced computing
technology, which facilitated the work and often enabled the computer to exceed human
performance. Some algorithms needed to be implemented performance in two phases: the
region determination phase and classification one, while others implemented the task with
one stage, which raised the speed of training, while some algorithms chose to increase
accuracy at the expense of speed. In this article, the latest innovative algorithms in the field
of object detection and classification, YOLOv3 and SSD, were presented showing the
structure of each algorithm and the basic network used in extracting features and the
mechanism used in the process of extracting the map of features that leads to the detection
and classification of objects in the image. The training results demonstrated the superiority
of the SSD algorithm in terms of speed [2] (which increased the likelihood of application in
real time) while YOLOV3 excelled in terms of accuracy.

Keywords: Object classification, Object detection, Feature map, Convolutional Neural
Network (CNN), YOLO (You Only Look Once), SSD (Single shot Detector), SSD (Single
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