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0 ABSTRACT O

It is well-known that finding optimal solution in different engineering problems
is one of the most important tasks to be accomplished. Many algorithms and methods
have been developed for finding the optimal solution of problems with different
applications. The most important algorithms for used for this purpose are Particle
Swarm Optimization(PSO), Ant Colony Optimization (ACO), elephant herding
algorithm (EHO) and recently Henry Gas Solubility Optimization (HGSO). In this
research, both PSO and HGSO have been applied on three functions for finding their
optimal solutions. The algorithms have been simulated using Matlab 2017.
Keywords Particle Swarm Optimization (PSO), Henry Gas Solubility Optimization
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