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0o ABSTRACT 0O

Breast cancer is considered one of the most dangerous diseases that threaten a
woman’s life, as it affects approximately 10% of women worldwide at some point in
their lives.

Machine learning plays a vital role in this field in diagnosing diseases in
general, including cancers, as it is used as an effective way to classify data.

In this research, decision tree technology was used to identify breast cancer
patients, and the Matlab R2018b software package was used to program the proposed
system, as it showed encouraging results for identifying cancer patients.

A set of experiments were also conducted comparing the model proposed in
this research with the same model using the Back propagation Neural Network
(BPNN), the Support Vector Machine SVM model, and the K Nearest Neighbors
(KNN) classifier. Where it was found that the decision tree classifier used in the
proposed system behaves a unique behavior that led to its selection in this research,
as the accuracy of the identification increases with the increase in the number of
people, unlike the rest of the classifiers.
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