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Abstract

Artificial intelligence is one of the most important scientific fields that have
attracted the interest of many researchers in this century, due to the diversity of its fields
(such as machine learning, decision management systems and deep learning) and its
applications in smart machines, cognitive sciences and educational development.

Where neural networks are considered one of the most important branches of
artificial intelligence, because they simulate the human mind in the way they learn and
acquire knowledge.

In this paper, a comparative study among of three neural network training methods
was implemented using Matlab R2018b software package:

(Back propagation Neural Network (BPNN), Feed Forward Neural Network (FFNN) and
Kohen Neural Network) on a database of cancer patients, where the experiments confirmed
that the results of cancer identification were the best possible when using the FFNN
training method. A group of experiments compared the proposed model using neural
networks against of the same model using the decision tree classifier (C5.0) and the (K
Nearest Neighbors) classifier, using the Weka 3.8.4 software package, where experiments
confirmed the effectiveness of the proposed system, then a set of experiments were
conducted to test the effectiveness of the proposed system with an increase in the number
of people (training samples). From the accuracy of patient identification.
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syl e Capaall 48y 2oy
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