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0 ABSTRACT O

The importance of searching and retrieving similar images from databases has
emerged in the last decade, due to the large increase in the size of databases, and the
urgent need to retrieve similar images in many image processing, pattern recognition
and artificial intelligence applications. The paper proposed a new algorithm; called
FDMCM (Four Diagonal Pixels Motif co-occurrence Matrix). FDMCM extracts
low-level visual features from images, retrieve similar images from databases, based
on the image content by passing a 3x3 window on each pixel of the image and
applying the MCM algorithm ) on the diagonal pixels located in the vicinity of the
central pixel, instead of dividing the image into 2X2 blocks to apply the MCM
algorithm on them. As is the case in the algorithms (MCM, MMCM, LMP) with
which it was compared. The proposed algorithm was tested on two types of
databases (i) color databases (ii) texture databases, and compare the results with the
results of the three algorithms mentioned previously, where the results indicate that
the performance of the proposed algorithm is the best.

Keywords: Gray level co-occurrence matrix, content-based image retrieval,
color databases, texture databases, recall, precision.
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