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0o ABSTRACT O

Adaptive filters are used to alleviate the degradation caused by different
sources of noise in water. Underwater acoustic signals are greatly affected by ocean
interference and ambient noise disturbances propagated through underwater
channels. Therefore, an effective adaptive filtering system is necessary for denoising
signals degraded by noise. In this paper, adaptive algorithms, such as Least Mean
Square (LMS), Normalised LMS (NLMS) and Recursive LS (RLS) are analysed in
terms of their performance with the aid of performance measure characteristics, such
as Signal to Noise Ratio (SNR) and Mean Square Error (MSE) for various noise
sources. Simulation results show that the proposed filter achieve remarkable
performance, even in the very low SNR region, compared to LMS,RLS and NLMS
algorithms. Moreover, it is observed that the output convergence is also very fast and
the performance is stable for different noise levels.
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