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o ABSTRACT

Automated answering system is the system that enables institutions to deal with
inquiries categorize and respond to them automatically, as repeating answering the same
inquiries is considered stressful and requires a lot of time and needs to employ several
people to answer each according to his specialization, this demonstrated the need to
develop solutions that use artificial intelligence techniques to replace the human part.

Where the proposed solution depends on the development of an automated answering
system that deals with inquiries written in Arabic and it consists of three stages:

At first customers’ text messages are received by e-mail and their contents analyzed,
secondly, they are classified using text classification algorithms, and third the answer is
suggested by comparing the message with the inquiries in the database using text similarity
techniques, and replying via e-mail with the appropriate answer if there is a similarity or
directing it to the competent person to answer it in case the Inquiry is not common, and
store it with the answer in the database.

As a result, the proposed system will improve the response mechanism by speeding
up the process, and reducing the time and effort required.

Keywords: Automated answering system, data mining, categorization, similarity,
Answer Suggestion.
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"LG:\A._!B

"dilatial) 3ae Ll Cildle 408 W' =B
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e duans Jullyy Stemming aladsuly Ll ) @l 5y5 Stop word removal aladiuly 4y yall
el 44318
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1 1 1 1 1 A
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opeaiall o Juant olld da s
A- (1L, 1,1, 1,1, 1)
B-(1,0,0,1,1, 1)

similarty =0.8 :as (3) 48l Gulaiys

distance=62 e Llaal Levenshtein Similarity . )i aladioly Al Gl & o Lei
kil Glua 3 Juadl 1ol sy oLl Cun 4l of LaadU Gl cpaill 4l (e a2 s 50 a8y s

Apliid) syl pasalll Jla 852 8 Levenshtein i) s Ll

2P sl o G S Ao pan LN e Bl A e gall s el sl i Ul
oo dalaill o )8 Pla (e dlall sseall Hiss Anl 20 jslaiy Y ledle 3)lly Lgtadlaay Jilul) 2Dl
Similarity>0.75 4l Ly Giny Y aaa il 39)5 dla 8 V) @l Jax ol g5 cluiiny)

i sy Byal die YU ash o) i) addll Al a gk 44
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