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o ABSTRACT o

VANET (Vehicular Ad-Hoc Network) networks are evolving significantly,
especially in the field of road safety, where these networks play a crucial role in preserving
people’s lives by alerting vehicles within the VANET network in case of road drifts or
accidents, allowing the driver to make appropriate decisions.

Since VANET networks are highly dynamic networks, the number of vehicles
constantly varies due to their continuous mobility. Therefore, the delay in the arrival of
important messages is highly critical, and it is necessary to minimize the delay in sending
them as much as possible.

In this research, our task was to predict the total transmission time in order to reduce
the transmission delay within these networks. We carried out the prediction process
through neural networks. In this research, we designed a neural network model capable of
predicting the total transmission time and we relied on the MATLAB program in the
design process and showing the results. The designed model demonstrated its efficiency
and achieved a high accuracy of 95%.
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