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o ABSTRACT o

Recognition technologies in all their forms are one of the most important
modern technologies that have entered strongly in various areas of life. In this
research, a model was developed to recognize a person's smoking status through his
voice, using deep learning techniques and algorithms. The principle of action is to
convert audio speech into spectrograms and then extract features from the diagram
images using convolutional neural networks (CNN), which are more accurate in
extracting image features [1][2]. This research was performed based on the VGG-16
and ResNet-50 models. Such models can be downloaded with their parameters set to
the values they had at the end of training. In this way, we can easily get excellent
performance without training a new model ourselves, and then the results were
compared between them, where several measures were used to evaluate the model's
performance: accuracy, precision, recall, F1 score, and equal error rate (ERR). The
results of the simulation and implementation showed that the proposed model based
on ResNet-50 achieved a higher accuracy of 94.6% while the model based on VGG-
16 achieved an accuracy of 93.6%. A dataset of 1,500 votes divided into male and
female was used, and it was divided into 80% training data and 20% test data.

Key words deep learning, deep learning network models, convolutional neural networks,
bidirectional long-term memory, transfer learning, attention m
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